A New Approach
to ERP Analytics:
The Interpretive
Intelligence System

Shift your focus from the visualization on top to the
interpretation underneath, and analytics finally
surface the insight that drives real manufacturing
decisions.

In brief: Over the past decade, manufacturers have invested heavily in

Bl platforms like Tableau and Power Bl — and still run critical operations
out of spreadsheets. The reason lies deeper than the tools: a hidden
assumption built into every Bl platform, that the hard part — turning
raw ERP data into decision-ready insight — has already been done. In
manufacturing, it hasn’t. The answer is a different category of system,
an Interpretive Intelligence System that arrives with the analytical
foundation already built, tested, and proven, so value begins on day one.
This paper introduces that category, and Portus, the system built on it.




Executive Introduction

If you run analytics for a manufacturing operation, you likely recognize this picture. You bought a modern BI
platform. You have dashboards. And your planners still start the day by exporting data into a spreadsheet,
because that’s the only place they can get the answer they actually need.

Over the past decade, organizations have invested heavily in business intelligence platforms such as Tableau
and Microsoft Power BI, expecting that greater access to data would lead to better decisions. In many cases
these investments made data more visible. They did not make organizations more effective.

Despite sophisticated dashboards and significant internal effort, many manufacturers still rely on
spreadsheets, manual workarounds, and institutional knowledge to run the parts of the operation that matter
most. Decision-making remains slower, more reactive, and more uncertain than it should be.

What looks like an execution failure is really a mismatch between what traditional Bl provides and what
manufacturers actually need — a mismatch that points toward a different category of system, which this
paper calls an Interpretive Intelligence System. Portus is that system in practice: a complete manufacturing
analytics solution built on this model. The pages that follow lay out why the distinction matters and what
changes when the interpretive foundation is already in place.

The Expectation vs. Reality Gap

The promise of modern Bl is straightforward: centralized data, interactive dashboards, self-service analytics,
and faster, better-informed decisions.

In practice, the results are often less compelling. Dashboards summarize activity but rarely tell you what

to do. Data models need constant maintenance and reinterpretation. Even seemingly simple analytical
questions can take months to answer. And adoption stalls at a small group of specialists, while everyone else
quietly goes back to Excel.

The deeper failure is that organizations struggle to consistently produce actionable insight — the kind that
directly drives an operational decision. This is especially pronounced in manufacturing, where complexity
demands far more than visibility. It demands context, accuracy, and analysis built for action.

The Core Issue Is Not the Tools

Itis tempting to blame the tools, but that misreads the problem.

Platforms such as Tableau and Power Bl are powerful, flexible, and widely adopted for good reason. They
excel at visualization, exploration, and presentation. What they all assume is that the underlying analytical
models, data structures, and business logic have already been defined.



In effect, they assume the hardest part of analytics — transforming raw transactional data into decision-ready
insight — has already been solved. They hand you a blank canvas and a superb set of brushes.

In manufacturing, that assumption almost never holds. The blank canvas is the problem.

Why Manufacturing Breaks the Assumption

Some industries can treat analytics as a visualization problem.
Manufacturing can’t. The data here is deeply interconnected, heavy with
context, and shaped by years of operational evolution, and reading it
correctly is the entire challenge. A few situations that anyone who has
lived in this data will recognize:

Your “late order” has three possible causes, and the dashboard shows none of them. When a customer
order is going to ship late, the cause might be a component shortage buried three levels deep in the bill of
materials, a supplier slipping a delivery, or a planning parameter quietly doing the wrong thing — often some
combination of the three. A standard dashboard tells you the order is late and stops there. Finding out why
means walking the pegging chain down through the BOM to the one purchase order that’s actually holding
everything up, so someone opens the planning workbench and traces it by hand. Every order, every time.

The purchase order that “looks late” but isn’t. A PO flagged past-due looks like a problem on its own. Put it
back in context — when the demand is actually needed, what’s already on hand — and it may be exactly where
it should be. A report that drops that context manufactures false alarms, and after enough of them people
quietly stop trusting the report.

Your cost reports reconcile to the penny and are still wrong. Standard cost changes that enter through
manual updates or automated interfaces don’t always land in the cost-history view a dashboard reads from.
Everything foots. Everything ties out. And the margin number is off by an amount nobody can see, because
the error lives in how the ERP records cost changes — territory that visualization polish never reaches.

Your “open requisitions” number is overstated and nobody knows it. When a report lumps true purchase
demand together with internal transfer requisitions and their sub-types, the headline figure everyone reports
upward comes out inflated. Every transaction behind it is real. The number is still wrong, because nothing in
the report tells you which requisitions actually represent procurement.

None of this is an edge case to be cleaned up later. The exceptions, historical artifacts, and operational
workarounds that pile up over the years are the operating environment in manufacturing, and analytics that
ignore them mislead with total confidence. Getting it right isn’t something you can assume up front; it comes
from running the same logic against real data day after day until it holds.



That is why domain expertise can’t be treated as optional. Producing a number a planner can act on takes
knowing how the ERP represents the real operation, how a decision in one corner ripples across the supply
chain, which metrics carry signal and which ones quietly mislead, and how someone will read the result at 7
a.m. before a production meeting. That knowledge is scattered by nature: IT owns the systems, business users
own the processes, analysts own the tools, and the analytics that matter live where the three overlap — the
hardest place in any organization to staff and keep staffed.

The Real Cost: Time-to-Value

At its core, traditional Bl follows a build-it-yourself model. Each organization is expected to define data
models, interpret source systems, design metrics, construct and validate reports, and then iterate without
end. Even highly capable teams struggle to keep up — not for lack of skill, but because the problem itself is
genuinely hard.

The damage that matters most isn’t technical. When analytics have to be built from scratch, time-to-value
stretches into months or years, insight arrives late or never, confidence erodes, adoption stalls, and people
fall back on the manual processes the platform was supposed to replace. The expected return on the BI
investment is diminished, or never realized at all.

So the constraint that decides success is time-to-value. Not features, not flexibility — how long until the
system actually changes a decision.

L The Shift: From Building Analytics to Accumulating
Them

If the goal is actionable insight in a complex manufacturing environment, the model
itself has to change. Instead of asking every organization to build its analytical
foundation from the ground up, the foundation should already be in place on day one.

This is a genuine shift in kind: from constructing analytics to accumulating them. Rather than reinventing
models from first principles, an organization inherits models developed over time, tested across many
environments, refined through daily use, and validated against actual outcomes. These models carry the
residue of years of real use, refined in the crucible of daily operations.

When that foundation is embedded into a system, the starting point changes entirely. The organization begins
with pre-defined reports and analyses, data models aligned to operational reality, logic that reflects how

the systems actually behave, and drill-down paths that connect a summary number to its root cause. These
elements have been proven, not just pre-built.

This is the line between a tool and a solution. A tool enables construction; a solution delivers an outcome.
What manufacturing needs is interpretation: data understood in context, relationships that have been defined
and validated, and outputs built to drive a decision rather than invite more exploration.



That is what defines an Interpretive Intelligence System — a complete, pre-built framework for
understanding data, delivered immediately, accurately, and in a form that supports real operational decisions.
This is not a difference in degree. It is a difference in kind.

What It Looks Like in Practice: Portus

Portus is this model in practice — a complete manufacturing analytics system for ERP-driven operations. It’s
built on 16 years of developing analytics on ERP systems like Oracle EBS, a team whose combined careers
span more than 100 years of working with ERP, and a library of more than 300 pre-built, interconnected
reports — filters, primary reports, and drill-downs — covering the financial, operational, supply chain, sales,
and service sides of a manufacturing business. You don’t build any of this during implementation; it’s already
in place. From the moment Portus is deployed, the analytical framework exists, insights are immediately
accessible, and users begin deriving value.

Concretely, a customer arrives with capabilities like these already working, rather than on a roadmap:

o Open Purchase Orders with destination-type-specific open logic, so “open” means what it should
mean for each line instead of a naive flag that floods the report with false positives.

» Open Requisitions that correctly separate true purchase demand from internal transfer requisitions
and their sub-types, so the number you report is the number that’s real.

« Multi-level pegging that traces a late or at-risk order down through the BOM to the specific supply
actually constraining it — the hand-tracing exercise, delivered as a report.

« The Horizontal Plan — a forward-looking, weekly-bucketed view of supply, demand, and projected
balance across every org and part, so a planner can see how on-hand rolls forward period by period
without stitching it together in Excel.

« Cost and margin analysis sourced from where cost changes actually live, not from the view that
silently misses a category of them.

What It Means for Your Team

For IT and analytics leaders: In the build-it-yourself world, the analytics burden lands on internal teams,
and IT becomes the bottleneck — owner of a never-ending backlog of report requests, each one a fresh
modeling project. In a solution-based model, IT continues to own what it should: infrastructure, security, and
governance. The analytical foundation already exists, so the team shifts from building analytics to extending
and leveraging them. The backlog stops being the job.



For the people who consume analytics: This is the group that suffers most from the status quo — the
planner, buyer, or operations manager who asked for a report six weeks ago, still doesn’t have an answer to
the actual question, and is living in Excel in the meantime. When those users encounter a working analytical
system instead of a development queue, they engage immediately: they drill from a summary number into
its drivers, build confidence in the outputs, and fold the system into their daily workflow. Adoption follows
on its own. Systems that demand months of development before they are useful rarely earn that kind of
engagement.

Underneath both is a quieter benefit. A single, unified analytical foundation means consistent definitions,
centralized logic, and aligned reporting across functions. That consistency is what makes cross-functional
decisions possible and what builds trust — and without trust, analytics go unused no matter how
sophisticated they are.

How to Evaluate Analytics: A New Standard

The limits of traditional Bl come from the model, not from any failure of the technology. A model that
asks every organization to build, from scratch, something inherently difficult to build does not scale as
manufacturing complexity grows.

+ Doesitdeliverinsight that is genuinely actionable — does it tell us what to do?
« Does itreflect the operational reality of how our systems actually behave?
« How quickly does it produce value — days, or quarters?

«  Willit be used consistently across the organization, or stall with the specialists?

Those are the questions that actually predict success.

Closing

The gap between data and decision has never really been about access. It has always been about
interpretation, context, and execution. Bridging it takes a complete analytical foundation, one that has
already been built, tested, and proven in environments like yours.

When that foundation is in place, time-to-value stops being a goal you work toward. It becomes the starting
point.

Schedule a Demo

Schedule a demo to see how quickly you can

gain real insight when you rely on the Portus
Interpretive Intelligence System.

https://portusinc.com/book-a-demo/
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